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1) AmuaazwuuiiduaIngis (Center Score) Ineainatsilagnunefisdnsrdau Odds 7 1:1 L¥u
AvuaAINaIiniy 500 Agkuudmsulanialunisfiamenisal Good fu Bad iy

2) AwuaAnsUasuulasesnzuuuivinlisnsnaiu Odds wWasuwlasiu 2 1w (Points to Double
Odds: PDO) v fualy PDO winTU 50 Azul Li1aons1d7u Odds 989 Good U Bad tUdey

970 1:1 10U 2:1

[

3) Anuaziuulaal
Score = Center score +1In Odds * factor

where Center score = 500 and
factor = PDO/log (1/2)

997 1 Fre819nsAIUINATILY
Score Odds Good rate Bad rate
350 1:8 11% 89%
400 1:4 20% 80%
450 1:2 33% 67%
500 1:1 50% 50%
(Center score)
550 2:1 67% 33%
600 4:1 80% 20%
650 8:1 89% 11%

1w Auanlaedidey
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AMANUIN 2 AddaNtglun1snaaauUsEanSn1nuaeAn Threshold

o

4 1 Qadl a a U 1
1) AduUszans GINIDumadanldlunisneaeulssansnimuesan Threshold Tunisuuauen
annllauazideanaindu (Discriminatory power) lagmnA1duyUszdns GINIwindu 0 vneis
Usgansnmlumsuuswengnuiifiuasides dwaunsamuindanl (Un 1)

Area A
Area A + Area B

e

Gini Coef ficient =

g‘dﬁ 1 Cumulative Bad Account by Credit Score

100
s Area B
T Area A
a7 — -
aas g y
33 .
r 0 s
c p
e 5 Model being evaluated
& & [¢] |ng evalua
& O 4
(& m©
MR M 4
& 4=
& 0
L
& O
e Y
3

Naive model

0 » 100
% VBIgNUUNIVUALTEINIUAZILLLY
(CDF of All Borrowers)
ﬁm: Kraus A., and Kuchenhoff H. (2013), Credit scoring
and the optimization concerning area under the curve,

credit score and credit control XIlI, August.

2) Confusion matrix

151971 2 Confusion Matrix
Actual Default Not default
Predicted
Default True positive | False positive
(TP) (FP)
Not default False Negative | True Negative
(FN) (TN)
T ; _ FP
ype 1 error = FP+TN
T 11 = N
ype error = TP + FN
4 B (TP +TN)
COUTaY = TP Y FP + FN + TN
Sentivity = e
MY = Th L FN
Specificity = —
pecificity = TN 7 FP
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